v

Argonne\;

s Scalable Parallel Scripting in the Cloud

NATIONAL Ben Glickl'l, Yadu Babuijil2l (Advisor), Kyle Chardl2] (Advisor)
[1] University of Chicago/Lewis & Clark College, [2] Computation Institute, University of Chicago/Argonne National Lab {glick,chard,yadunand}@uchicago.edu

e Parsl is a Python-based parallel scripting library that enables e Parsl uses an execution provider to provide execution
creation of ImPIICItIy para"el’ dataflow processing resources for the jOb to use Execution Time for 2,000,000 simulations of Monte Carlo pi Parsl’s AWS provider can

Job Submission Rate vs Number of Nodes
: : I h han 1 K
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e In this poster we describe the development of a new execution | | | e (wg  Farsiis able to continue to
provider designed to support Amazon Web Services (AWS) and e We interact with AWS through the python library Boto3 and g ¢ 12 launch tasks quickly even afte
Microsoft Azure with Azure through the Azure SDK for Python ; 05 1000 9 th%us'at?dds of tasks have been
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* \ ;_ lkllll i provider = parsl.execution provider.aws.EC2Provider( ' 'path/to/config’) rapidly approaches 100% As iob inbut data size
Dat B ver Petascale systems executor = parsl.executors.ipp.IPyParallelExecutor() inc:easesp overhead becomes
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K \\ def parsl app(n): Try Parsl

National arbitrary function()
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Scripts Parsl ' ==l provider.scale out(16) : o : :
— I —— R Do~ =2, #parsl will automatically run the code on all workers it can find » More information: (http://parsl-project.ora)
Campus Systems results = [parsl app(n).result() for n in range(1,100,1)] e Live Jupyter Notebooks (http://try.parsl-project.org)
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